GENERALIZED LINEAR MODELS IN R

GENERALIZED LINEAR MODELS (GLMS) INR ARE A POWERFUL EXTENSION OF TRADITIONAL LINEAR MODELS THAT ALLOW FOR THE
ANALYSIS OF A WIDE RANGE OF DATA TYPES. UNLIKE CLASSICAL LINEAR REGRESSION, WHICH ASSUMES A NORMAL DISTRIBUTION
OF THE RESPONSE VARIABLE AND A LINEAR RELATIONSHIP BETWEEN THE PREDICTORS AND THE RESPONSE, GLMs caN
ACCOMMODATE VARIOUS DISTRIBUTIONS OF THE DEPENDENT VARIABLE, SUCH AS BINOMIAL, POISSON, AND GAMMA
DISTRIBUTIONS. THIS FLEXIBILITY MAKES GLMS PARTICULARLY USEFUL FOR ANALYZING NON-NORMALLY DISTRIBUTED DATA AND
FOR MODELING COUNT DATA, BINARY OUTCOMES, AND PROPORTIONS. THIS ARTICLE WILL DELVE INTO THE FUNDAMENTALS OF
GLMS, THEIR IMPLEMENTATION IN R, AND PRACTICAL APPLICATIONS, INCLUDING EXAMPLES AND BEST PRACTICES.

UNDERSTANDING GENERALIZED LINEAR MODELS

CoMPONENTS oF GLMs

GENERALIZED LINEAR MODELS CONSIST OF THREE KEY COMPONENTS:

1. RanDoM COMPONENT: THIS DESCRIBES THE DISTRIBUTION OF THE RESPONSE VARIABLE (DEPENDENT VARIABLE). COMMON
DISTRIBUTIONS INCLUDE:

- NorMAL (FOR CONTINUOUS DATA)

- BinoMIAL (FOR BINARY OUTCOMES)

- Poisson (FOR COUNT DATA)

- GAMMA (FOR POSITIVE CONTINUOUS DATA)

2. SYsTEMATIC COMPONENT: THIS INVOLVES THE LINEAR PREDICTOR, WHICH IS A LINEAR COMBINATION OF THE EXPLANATORY
VARIABLES (INDEPENDENT VARIABLES). |T CAN BE EXPRESSED AS:

\eTta=\BeTA_ O+ \BeTA_ 1 X_ T+ \BeTa_ 2 X 2+ .+ \BETA NX N

wHERe \( \eTA \) I1s THE LINEAR PREDICTOR, \( \BETA_I \) ARE THE COEFFICIENTS, AND \( X_I \) ARE THE PREDICTOR
VARIABLES.

3. LiNk FUNCTION: THIS FUNCTION CONNECTS THE RANDOM AND SYSTEMATIC COMPONENTS. |T DEFINES HOW THE MEAN OF THE
RESPONSE VARIABLE RELATES TO THE LINEAR PREDICTOR. COMMON LINK FUNCTIONS INCLUDE:

- IDENTITY LINK (FOR NORMAL DISTRIBUTION)

- LoGIT LiNk (FOR BINOMIAL DISTRIBUTION)

- LoG LNk (FOR POISSON DISTRIBUTION)

MATHEMATICAL FRAMEWORK

THE MATHEMATICAL FORMULATION OF A GLM CAN BE SUMMARIZED AS FOLLOWS:

- THe resPONSE VARIABLE \( Y \) HAS A DISTRIBUTION FROM THE EXPONENTIAL FAMILY.

- THe MEAN oF \( Y \) CAN BE EXPRESSED AS A FUNCTION OF THE LINEAR PREDICTOR THROUGH THE LINk FUNCTION \( c(\cpoT)
\):

\[

G(ECY)) = \eTA

\]

THIS FRAMEWORK ALLOWS US TO MODEL VARIOUS TYPES OF DATA EFFECTIVELY, MAKING GLMsS VERSATILE TOOLS IN
STATISTICAL ANALYSIS.



IMPLEMENTING GLMs INR

R PROVIDES A USER-FRIENDLY ENVIRONMENT FOR FITTING GENERALIZED LINEAR MODELS USING THE \GLM()\ FUNCTION. THIS
FUNCTION IS PART OF THE BASE R PACKAGE AND SUPPORTS VARIOUS DISTRIBUTIONS AND LINK FUNCTIONS.

Basic SYnTAax ofF ‘eLM()"

THE BASIC SYNTAX FOR THE \GLM()\ FUNCTION IS AS FOLLOWS:!

"R

GLM(FORMULA, FAMILY = FAMILY_TYPE, DATA = DATA_FRAME)

ARNY

- FORMULA: A FORMULA DESCRIBING THE MODEL (E.G., ‘RESPONSE ~ PREDICTORS\).
- FAMILY: SPECIFIES THE ERROR DISTRIBUTION AND LINK FUNCTION.

- DATA: THE DATA FRAME CONTAINING THE VARIABLES.

ExAMPLE: FITTING A BiINnoMIAL GLM

LET'S CONSIDER AN EXAMPLE WHERE WE WANT TO MODEL A BINARY RESPONSE VARIABLE (SUCCESS/FAILURE) BASED ON A
PREDICTOR VARIABLE (AGE). WE WILL USE THE ‘MTCARS' DATASET, WHERE WE CAN CREATE A BINARY OUTCOME BASED ON
WHETHER THE NUMBER OF CYLINDERS IS GREATER THAN FOUR.

\\\R
LOAD NECESSARY PACKAGES
DATA(MTCARS)

CREATE A BINARY RESPONSE VARIABLE
MTCARS$CYL_BIN <- IFELsE(MTCARSSCYL > 4, 1, 0)

FIT A BINOMIAL GLM
MODEL_BINOMIAL <- GLM(CYL_BIN ~ WT, FAMILY = BINOMIAL, DATA = MTCARS)

SUMMARY OF THE MODEL
SUMMARY (MODEL_ BINOMIAL )
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IN THIS EXAMPLE:

- \WE CREATED A BINARY VARIABLE 'CYL_BIN' TO INDICATE WHETHER A CAR HAS MORE THAN FOUR CYLINDERS.

- WE FIT A BINOMIAL GLM wiTH WEIGHT ("WT') AS THE PREDICTOR.

- THE 'SUMMARY()' FUNCTION PROVIDES INSIGHTS INTO THE MODEL COEFFICIENTS, SIGNIFICANCE LEVELS, AND OVERALL FIT.

ExAMPLE: FITTING A PoissoN GLM

FOrR COUNT DATA, WE CAN FIT A PoissoN GLM. SUPPOSE WE WANT TO MODEL THE NUMBER OF CYLINDERS BASED ON THE
WEIGHT OF THE CARS.

\\\R
FIT A Poisson GLM
MODEL_POISSON <~ GLM(CYL ~ WT, FAMILY = POISSON, DATA = MTCARS)

SUMMARY OF THE MODEL
SUMMARY (MODEL_ POISSON)

ARNY



THIS EXAMPLE DEMONSTRATES HOW TO MODEL COUNT DATA USING THE POISSON DISTRIBUTION, PROVIDING ESTIMATES FOR
HOW THE WEIGHT OF THE CAR INFLUENCES THE NUMBER OF CYLINDERS.

EVALUATING GLMs

GOODNESS OF FIT

EVALUATING THE FIT OF A GENERALIZED LINEAR MODEL INVOLVES SEVERAL METHODS:

1. DEVIANCE: THE DEVIANCE IS A MEASURE OF GOODNESS OF FIT. LOWER DEVIANCE INDICATES A BETTER FIT.

2. AIC anD BIC: THe Akalke INFOrMATION CrITERION (AIC) AND BAYESIAN INFORMATION CrITERION (BIC) ARE USED FOR
MODEL SELECTION. LOWER VALUES SUGGEST A BETTER MODEL FIT.

3. RESIDUAL ANALYSIS: EXAMINING RESIDUALS CAN HELP IDENTIFY PATTERNS THAT INDICATE POOR MODEL FIT.

MobDEeL DIAGNOSTICS

AFTER FITTING A GLM, IT IS ESSENTIAL TO CHECK THE ASSUMPTIONS AND DIAGNOSE POTENTIAL ISSUES. COMMON DIAGNOSTIC
STEPS INCLUDE!:

- PLOTTING RESIDUALS AGAINST FITTED VALUES TO CHECK FOR HOMOSCEDASTICITY.
- CHECKING FOR INFLUENTIAL OBSERVATIONS USING COOK’S DISTANCE OR LEVERAGE PLOTS.
- EVALUATING THE NORMALITY OF RESIDUALS USING Q-Q PLOTS.

PrRACTICAL APPLICATIONS oF GLMs

GENERALIZED LINEAR MODELS ARE WIDELY USED ACROSS VARIOUS FIELDS, INCLUDING:

- MEDICINE: FOR MODELING BINARY OUTCOMES SUCH AS THE PRESENCE OR ABSENCE OF A DISEASE BASED ON RISK FACTORS.

- ECoLoGY: To ANALYZE COUNT DATA, SUCH AS THE NUMBER OF SPECIES IN A GIVEN AREA, IN RELATION TO ENVIRONMENTAL
VARIABLES.

- SOCIAL SCIENCES: FOR ANALYZING SURVEY DATA WHERE RESPONSES MAY BE CATEGORICAL OR ORDINAL.

ExAMPLE APPLICATION: LOGISTIC REGRESSION IN MEDICINE

IN A MEDICAL STUDY, RESEARCHERS MIGHT WANT TO UNDERSTAND THE RELATIONSHIP BETWEEN SMOKING STATUS (SMOKER/NON‘
SMOKER) AND THE OCCURRENCE OF LUNG CANCER. USING LOGISTIC REGRESSION (A TYPE OF BINOMIAL GLM), THEY COULD FIT
THE MODEL AND INTERPRET THE ODDS RATIOS TO ASSESS THE IMPACT OF SMOKING ON LUNG CANCER RISK.

"R

SIMULATED DATA

seT.seen(123)

sMokinG <- saMpLe(c(0, 1), 100, repLAce = TRUE) O: NON-SMOKER, 1: SMOKER
LUNG_CANCER <- ReINOM( 100, 1, prog = 0.3 SMOKING) LUNG CANCER OCCURRENCE

FIT A LOGISTIC REGRESSION MODEL
MODEL_ LOGISTIC <- GLM(LUNG_CANCER ~ SMOKING, FAMILY = BINOMIAL)

SUMMARY OF THE MODEL



SUMMARY (MODEL_LOGISTIC)

A

IN THIS EXAMPLE, THE MODEL WOULD PROVIDE INSIGHTS INTO HOW SMOKING STATUS AFFECTS THE LIKELIHOOD OF DEVELOPING
LUNG CANCER.

BesT PRACTICES FOR UsING GLLMs

1. UNDERSTAND YOUR DATA: BEFORE FITTING A MODEL, EXPLORE THE DATA AND UNDERSTAND ITS DISTRIBUTION.

2. CHOOSE THE RIGHT FAMILY: SELECT THE APPROPRIATE FAMILY AND LINK FUNCTION BASED ON THE NATURE OF THE RESPONSE
VARIABLE.

3. CHECK ASSUMPTIONS: REGULARLY CHECK THE ASSUMPTIONS OF GLMS AND PERFORM DIAGNOSTIC CHECKS AFTER FITTING THE
MODEL.

4. MopeL SeLecTIoN: Use AIC/BIC FOR MODEL COMPARISON AND CONSIDER OVERFITTING WHEN INCLUDING MUL TIPLE
PREDICTORS.

CONCLUSION

(GENERALIZED LINEAR MODELS OFFER A ROBUST FRAMEWORK FOR ANALYZING A WIDE VARIETY OF DATA TYPES IN R. THEIR
FLEXIBILITY IN ACCOMMODATING DIFFERENT DISTRIBUTIONS AND RELATIONSHIPS BET\WEEN PREDICTORS AND RESPONSES MAKES
THEM INVALUABLE TOOLS IN STATISTICAL MODELING. BY UNDERSTANDING THE COMPONENTS OF GLMS, IMPLEMENTING THEM IN R,
AND EVALUATING THEIR FIT, RESEARCHERS CAN DERIVE MEANINGFUL INSIGHTS FROM THEIR DATA. As You exPLORE GLMs
FURTHER, REMEMBER TO ADHERE TO BEST PRACTICES TO ENSURE THE VALIDITY AND RELIABILITY OF YOUR ANALYSES.

FREQUENTLY ASkeD QUESTIONS

\W/HAT IS A GENERALIZED LINEAR MODEL (GLM) IN R?

A GENERALIZED LINEAR MODEL (GLM) IS A FLEXIBLE GENERALIZATION OF ORDINARY LINEAR REGRESSION THAT ALLOWS FOR
RESPONSE VARIABLES THAT HAVE ERROR DISTRIBUTION MODELS OTHER THAN A NORMAL DISTRIBUTION. IN R, GLMs cAN BE
FITTED USING THE ‘GLM()’ FUNCTION.

How Do | SPECIFY A LINK FUNCTION IN A GLM INR?

Y OU CAN SPECIFY A LINK FUNCTION IN A GLM USING THE ‘FAMILY ARGUMENT IN THE ‘GLM()’ FUNCTION. FOR EXAMPLE, TO USE A
LOGIT LINK FOR BINARY RESPONSE DATA, YOU WOULD USE FAMILY = BINOMIAL(LINK = "LOGIT").

\WHAT IS THE DEFAULT FAMILY FOR THE GLM() FUNCTION IN R?

THE DEFAULT FAMILY FOR THE GLM() FUNCTION INR IS GAUSSIAN, WHICH IS USED FOR LINEAR REGRESSION. Y OU CAN CHANGE IT
BY SPECIFYING A DIFFERENT FAMILY ARGUMENT.

CaN | use GLMs FOR COUNT DATA IN R?

Yes, GLMs ARE COMMONLY USED FOR COUNT DATA BY UTILIZING THE POISSON FAMILY WITH A LOG LINK FUNCTION. THIS CAN
BE SPECIFIED IN R USING GLM(Y ~ X, FAMILY = POISSON(LINK = 'LOG")).



How DO | INTERPRET THE COEFFICIENTS OF A GLM INR?

THE COEFFICIENTS IN A GLM REPRESENT THE CHANGE IN THE LINEAR PREDICTOR FOR A ONE-UNIT INCREASE IN THE PREDICTOR
VARIABLE, ADJUSTED FOR THE LINK FUNCTION. For EXAMPLE, IN A LOGISTIC REGRESSION, THEY REPRESENT THE LOG ODDS RATIO.

\WHAT IS THE PURPOSE OF THE 'ANOVA()’ FUNCTION WITH GLMs IN R?

THE IANOVAO, FUNCTION IS USED TO PERFORM ANALYSIS OF VARIANCE ON GLMS, ALLOWING YOU TO COMPARE NESTED
MODELS TO DETERMINE IF ADDING PREDICTORS SIGNIFICANTLY IMPROVES THE MODEL FIT.

How Do | CHECK THE GOODNESS OF FIT FOR A GLM IN R?

Y OU CAN CHECK THE GOODNESS OF FIT FOR A GLM BY USING DIAGNOSTIC PLOTS WITH THE IPLOTO/ FUNCTION ON THE FITTED
MODEL OBJECT, OR BY USING THE ISUMMARY()I FUNCTION TO INSPECT DEVIANCE AND RESIDUALS.

WHAT PACKAGES IN R PROVIDE ADDITIONAL FUNCTIONALITIES FOR GLMs?

IN ADDITION TO THE BASE R FUNCTIONS, PACKAGES LIKE ‘MASS’, ‘GLMNET’, AND 'CARET’ PROVIDE ADDITIONAL
FUNCTIONALITIES FOR FITTING, VALIDATING, AND SELECTING GLMSs.

How cAN | HANDLE OVERDISPERSION IN A PoissoN GLM IN R?

ToO HANDLE OVERDISPERSION IN A PoissoN GLM, YoOU CAN USE A QUASI-POISSON FAMILY OR A NEGATIVE BINOMIAL MODEL. IN
R, YOU CAN FIT A QUASI-POISSON MODEL BY SPECIFYING FAMILY = QUASIPOISSON IN THE GLM() FUNCTION.

\W/HAT IS THE DIFFERENCE BETWEEN A GLM AND A GENERALIZED ADDITIVE MODEL (GAM)
IN R?

A GLM ASSUMES A LINEAR RELATIONSHIP BETWEEN THE PREDICTORS AND THE RESPONSE VARIABLE, WHILE A GENERALIZED
ADDITIVE MODEL (GAM) ALLOWS FOR NON-LINEAR RELATIONSHIPS BY USING SMOOTH FUNCTIONS OF THE PREDICTORS. YoU
CAN FIT GAMS IN R USING THE ‘MGCV’ PACKAGE.
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